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1.4.1: Current Discipline Structure
s
The baccalaureate disciphines for which computing curricula exist or are in the development process at the time of this QIEEE oy,
writing are as follows.
Computer engineenng (CE) Information systems (I5)
Computer science (CS) Information technology (IT)
Cybersecunty (CSEC) Software engineering (SE)

Data science (DS) !

Each of these disciplines has a recent volume (or will soon complete a volume) sponsored by ACM and IEEE-CS for
undergraduate curniculum guidehines that one or more international professional and scientific societies have endorsed
and published. These disciplines have affected a large majority of undergraduate students worldwide who are majoring
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Table 2. Topics most often taught in introductory data science courses for all

disciplines.
Frequency
Category Description of inclusion
Data visualization Exploratory data analysis: multivariate 56
plots and graphs, summary statistics.
Data cleaning Data cleaning and wrangling (i.e., 51
restructuring data tables, creating new
variables).
Professional practices  Data ethics and responsible data use. 43
Data management Data curation and data quality. 36
Statistical methods Regression models: simple linear 36
regression, least squares regression,
logistic regression.
Professional practices  Reproducible research: computational 35
reproducibility, empirical
reproducibility, statistical
reproducibility.
Professional practices  Data lifecycle and data collection, data 34
quality evaluation.
Statistical methods Research methods: research cycle, 28
hypothesis definition and testing.
Data architecture Data architecture, data types, and data 27
formats.
Machine learning Text mining: natural language processing, 27
topic modeling, text visualization (i.e.,
word clouds, frequency plots).
Visualization Customizing data visualizations: color and 27
compaosition, accessibility, “grammar of
graphics”
Machine learning Supervised learing: decision trees, Naive 26

Bayes classification, neural networks,

support vector machines (SVM),
ensemble methods.
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Figure 6. Computational topics relevant to statistics as indicated by Nolan and Temple Lang (2010). Topics covered in more than 75% of data science curricula in our survey
are boxed in blue (solid line). Topics included in more than 50% of data science curricula are boxed in orange (dotted line). Topics not addressed in our survey are greyed
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2.3.7: Data Science (Under Development)

Data science (DS) is a new area of computing that is closely related to the fields of data analytics and data engineering. https:/ / d Stf-acm-org/ DSReportDraftZFu"-pdf

One definition of data science is “a set of fundamental principles that guide the extraction of knowledge from data ...

[and] involves principles, processes, and techniques for understanding phenomena via the (automated) analysis of * DSTF page https://dstf.acm.org/, Draft 1, slides...

data.” [Prol]

Several DS projects have emerged in recent years. These include the EDISON Data Science Framework (2017) project
[Edil], the National Academies Repori on Data Science for Undergraduates (2018) [Nasl], the Park City Report
(2017} [Parl), the Business Higher Education Framework (BHEF) Data Science and Analytics (D5A) Competency
Map ¢2016) [Bhel]. and the Business Analviics Curriculum for Undergraduate Majors (2015) [Banl]. ACM
conducted initial DS workshops in 2015; a report described the discussions, reflected the diversity of opinions, and
proposed a list of knowledge areas useful for the field [Casl]. In August 2017, the ACM Education Council created a
task force to articulate the role of computing in the DS field [Datl]. The task force produced an initial draft report

tentatively tagged as (DS202x) in February of 2019 [Dat2] followed by a second draft report in December of 2019
[Dat3].

The second draft describes a “competency framework™ that addresses knowledge areas representing a body of material
for data science degree programs that capture high-level competencies, skills, and dispositions. The knowledge areas
include (a) computing fundamentals, (b) data acquirement and governance, (c) data management, storage, and
retrieval, (d) data privacy, security, and integrity, (e) machine learning, (f) data mining, (g) big data, (h) analysis and
presentation, and (i) professionalism. For a full curriculum, these areas need augmentation with courses covering
calculus, discrete structures, probability theory, elementary statistics, advanced topics in statistics, and linear algebra.


https://dstf.acm.org/DSReportDraft2Full.pdf
https://dstf.acm.org/

Data Acquisition, Management, and Governance (DG)

As the base of data science, data should be acquired, integrated and preprocessed. This 1s an
important step to ensure both quantity and quality of data and improve the effectiveness of the
following steps of data processing. Thus, a data scientist must understand concepts and
approaches of data acquisition and governance including data shaping, information extraction,
information integration, data reduction and compression, data transformation as well as data
cleaning_ In our ever increasing reliance on the quantity and quality of data in all forms of
decision making, the data scientist has an ethical responsibility of protecting the integrity of data
and proper use of data.

Scope Competencies

e Shaping data and their relationships e Construct and tune the governance

e Acquiring data from physical world process according to the requirements of
and extracting data to a form switable applications, including data preparation
for analysis algorithms and steps. (Process

e Traditional Data Integration Methods: Construction and Tuning)
Pattern Mapping, Data Matching, o Define and write semantics rules for data
Entity Recognition governance, including information

e Integrating heterogeneous data sources extraction, data integration and data

e Preprocessing and cleaning data for cleaning (Rules Definition)
applications # Develop scalable and efficient

e Improving data quality algorithms for data governance

e Ensuring data integrity including according to the property of data and the
privacy and security requirements of applications, including

information extraction, data integration,
data sampling, data reduction, data
compression, data transformation and
data cleaning algorithm (Algorithm
Development)

® Describe and discover the static and
dynamic properties of data, changing
mechanisms of data and similarity
between data. (Property Description and
Discovery)

® Develop policies and processes to ensure
the privacy and security of data.

Sub-domains

DG-Data Acquisition-T1, T2 DG-Data Reduction and Compression = T1,
DG-Information Extraction — T1, T2 T2

DG-Working with Various Types of Data — | DG-Data Transformation — T1

T2 DG-Data Cleaning - T1

DG-Data Integration — T1 DG-Data Privacy and Security — T1

DG-Data Acquisition — T1

As the initial step in data governance policies, data acquisition 1s the process of obtaining raw
data from real-world objects. The process of data acquisition should fully consider the physical
properties of the subject, and at the same time "consider the characteristics of the data
application. Due to the limited resources available during data acquisition (such as network
bandwidth, sensor node energy, website tokens, etc.), it is necessary to effectively design data
collection techniques to maximize valuable data within limited resources and minimize valueless
data. Also due to resource constraints, the data acquisition process is unlikely to obtain all the
information of the data description object, so the data acquisition technology needs to be
carefully designed to mimimize the deviation between the collected data and the real objects.

Knowledge
# The sources of data
Pull-based and push-based approaches
Various data acquisition with the features of acquired data
Data acquisition acceleration techniques
Data discretization method
Security and Privacy standards and best practices

Skills
TI:
e Select data source for the applications
e Design techniques for data acquisition according to the features of data sources and
applications.
e Plan following steps including data discretization, transmission as well as storage.

® Design the acceleration and parallelization strategies for data acquisition according to the
applications

Dispositions
® An ability to assess the trade-off between accuracy and efficiency in data acquisition.


https://dstf.acm.org/DSReportDraft2Full.pdf

DG-Information Extraction — T2

Information extraction (IE) is the task of automatically extracting structured information from
unstructured and/or semi-structured machine-readable documents. It is an important technique to
acquire data from documents, web pages, and even multimedia.

Information Extraction is relevant to the requirements of data acquisition and governance, but is
described elsewhere in this report. See Information Extraction in the DataMining KA.

DG-Working with Various Types of Data — T2

Data comes in many forms. Some projects will rely completely on numeric data. Others will
require processing of text or image or other media data. The data scientist must have an
overview understanding of all types of data representation and processing, and must be
competent to interact with some types of data as an expert.

Knowledge
e Data representation: numbers, text, images, data precision
e Text data processing: bag-of-words, word-count, TF-IDF, n-grams, Lexical analysis,
syntax analysis, semantic analysis, stop word filtering, stemming, basic applications
e Image processing: data representation: multi-dimensional matrices of integers, features,
image operators, video operators. Object recognition. Higher order feature extraction

Skills
e Write programs to perform basic operations on data of each type. Compute summary
statistics, extract n-grams, do modifications to an image.

Dispositions
e Recognize the importance of choice of data type for encoding information.

DG-Data Integration — T1

In the data acquisition process, since the data may come from an autonomous data source, it is
difficult to ensure the consistency of the data mode, modality, semantics, etc.. However, in many
applications, these data from multiple autonomous data sources need to be summarized and used
together to generate new value, this is the task of data integration, which is a crucial step for data
acquisition and governance.

Knowledge
e The concepts and application scenarios of government database, data warehouse and
mediator-based information integration
e The concepts and approaches of schema mapping
e The concepts and approaches of data mapping
e The concepts and approaches of data semantic transformation

® The technigues of cross-domain data integration

Skills
® (Choose the scheme of data integration i1.e. traditional data integration V5. cross-domain
data integration
® (Choose the architecture of data integration according to the features of applications
e Select or develop appropriate algorithms for schema mapping, data mapping and data
semantic transformation
e Develop proper algorithms for cross-domain data integration

Dispositions
e Understand the challenges brought by heterogeneous data sources
o Know the roles of Al in data integration

Di:-Data Reduction and Compression

The goal of data reduction and compression 1s to eliminate the redundancy of data and decrease
the size of data involved in the next data processing steps. This involves data sampling, filtering
and compression.

Knowledge

T1:

The role of reduction and compression in data process
WVarious data sampling approaches

Data filter techniques

Data compression techniques

Skills
Tl:
o Determine whether data reduction and compression steps are required
e Perform data sampling and filtering
T2:
e Analyse the properties of data sampling
e Select data compression techniques according to the computation, communication and
storage requirements
o Develop query-friendly data compression approach

Dispositions
® Understand the trade-off between data computation effectiveness and efficiency.
DC:-Data Transformation — T1

Data collected from data sources often have different dimensions and ranges. These data may be
correct, but they cannot be directly used. It is often necessary to transform the collected data and

https://dstf.acm.org/DSReportDraft2Full.pdf, p. 68-69



https://dstf.acm.org/DSReportDraft2Full.pdf

convert the data into "appropriate” form to understand the data or visualize the data to achieve
effective application of the data.

Knowledge
e Data Transformation pipeline
Simple function transformation methods and their applications
Data standardization and its applications
Data normalization and its applications
Data encoding approaches and their applications
Data smooth approaches and their applications

Skills
e [Evaluate and compare the dimension and range of data and those of the requirements in
the applications.
® Determine the process of data transformation
e Choose proper data algorithms for the task
o Evaluate the effectiveness of data transformation

Dispositions
® Understand the importance of data transformation to data usage
# Have an understanding of the links between data transformation and data quality

DG-Data Cleaning — T1

Data quality is an important aspect of data usability. There is a perception that if data is “suitable
for its intended use in operations, decision making, and planning,” it is generally considered to
be of high quality. There are also views that if the data correctly represents the real-world entities
that it refers to, then it 1s also considered to be of high quality. Data quality issues and the
resulting knowledge and decision-making mistakes have had terrible consequences on a global
scale. Data cleaning is an important solution for data quality problems.

Knowledge

# The dimensions of data quality

# The approaches to improve data quality

® Data cleaning algorithms including entity resolution, truth discovery, rule-based data
cleaning.

¢ Varipus forms for data quality rules such as functional dependencies (FD), conditional
functional dependencies (CFD), conditional inclusion dependencies (CIND), and
matching dependencies (MD)

e Evaluate data quality

® 'Write rules for data cleaning according to the requirement of applications and data
semantics

e Develop data cleaning pipeline according to the data quality requirements.

o Develop algorithms for efficient and effective data cleaning

Dispositions
s Hold an awareness of the harm of data quality problems
e Appreciation of and ability to handle the role of data cleaning in data usage.

DG-Data Privacy and Security — T1

Knowledge
® The relationships between individuals, organizations, or governmental privacy
requirements
® The cross-border privacy and data security laws and responsibilities
o A comprehension of how organizations with international engagement must consider
variances in privacy laws, regulations, and standards across the jurisdictions in which
they operate.

o Lxplain how laws and technology intersect in the context of the judicial structures that
are present — international, national and local — as organizations safeguard information
systems from cyberattacks.

o Lxplain requirements of the General Data Protection Regulation (GDPR). And Privacy
Shield agreement between countries, such as the United States and the United Kingdom,
allowing the transfer of personal data.

o Describe how [Section 5 of the 1.5, Federal Trade Commission, State data security laws,
State data-breach notification laws, Health Insurance Portability Accountability Act
(HIPAA), Gramm Leach Bliley Act (GLBA), and Information sharing through US-
CERT, Cybersecurity Act of 2015] and other laws impact data security

Dispositions
o Have an appreciation for the ethical implications of data governance policies and actions
® Hold an awareness of the harm of data loss due to security and privacy failures
o Maintain the upmost ethical standards regarding legal and social responsibility for data



Data Science Design Manual by Steven Skiena

* https://www.webpages.uidaho.edu/~stevel/517/The%20Data%20Science%20Design%20Manual.pdf

IlEXTS IN COMPUTER SCIENCE
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The purpose of computing is insight, not numbers.
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6.3. CHART TYPES
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Four data buses metaphor

e A. Data bus for structured pictures, TXT, SVG, CGM, VRML...
e B. Data bus for unstructured images, JPG, BMP, PNG, TIFF...
e C. Data bus for structured sounds

e D. Data bus for unstructured, natural sounds

e Input for A & C:. model, data and functionality
e Input for B & D: scanner and microphone

e [Stuc9l] STUCKI, P.: Graphics and Multimedia, tutorial at Eurographics Conference, Vienna 1991, cited in Ruzicky



Data State Model, InfoVis Taxonomy [Chi2000]
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Figure 1: Relationships between object of study, data,
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Table 1: High-level visualization tamnnm?;, illustrated by examples. Design models are classified based on whether they are
discrete or continuous and by how much the algorithm designer chooses display attributes (spatialization, timing, colour, and

transparency). Examples show different constraints on spatialization.

Display Attributes
Given Constrained Chosen
Images {e.g., medical) Distortions of given / continuous Continuous (high<dimensional )
- Fluid / eas flow. pressure ideas (e.g., flattened medical mathematical functions
E diitrik;u%::-mi » Ppress structures, 2D geographic maps, Cont ) d
] ; ; fish-eye lens views) ontinuous time-varying data,
= Molecular structures (distributions u.jhen time is mapped to a spatial
= . - T . Arrangement of numeric dimension
E of mass, charge, etc.) variable values
~ Gilobe — distribution data Regression analyscs
(e.g., elevation levels)
Classified data / images (e.g., Distartions of given / discrete Discrete time-varying data,
segmented medical images) ideas {e.g., 2D} geographic maps, when time is mapped to a spatial
" fish-eye lens views) dimension
s Air traffic positions ] _
s Molecular structures (exact Al'l'ﬂJ]E.EmE]]t of ordinal or Arbitrary entity-relationship data
= - o numeric variable values {e.g., file structures)
= positions of components) _ _
) , Arbitrary multi-dimensional data
Globe — discrete entity data {e.g, emplovment statistics)
(e.g., city locations) ’

» Rethinking visualization: A high-level taxonomy

* Melanie Tory, Torsten Moller, 2004
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Museum, prehistory

* Collection, cabinet, museum, encyclopaedia
* Codex Gigas, al-Mukaddima, Orbis pictus

 https://cs.wikipedia.org/wiki/Kabinet kuriozit

lan Stewart

* Professor Stewart's Cabinet of Mathematical Curiosities ﬁ?iﬁiiychkuraom
* |COM, 55,000 museums in 202 countries
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Visual Data Science:
Advancing Science through
visual reasoning

Torsten Moller
Visualization and Data Analysis
University of Vienna
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Vasant Dhar, “Data Science and Prediction”, (2013)

Overview

<)

What is data science?

* The three types of modelling

- Computational modelling

* Dhar 2013: “Data Science is the study of _ Statistical modelling
the generalizable extraction of

knowledge from data.” - Empirical modelling

* Challenges of Visual Data Science

e Conclusions

CESCG'16, Apr 2016 Torsteri Moller 1 CESCG'16, Apr 2016 Torsten Mdoller

Jim Gray, “eScience -- A Transformed Scientific Method”, (2007)
https://en.wikipedia.org/wiki/File:Jim_Gray_portrait,_1999.jpg

g 4 Paradigms of Science

4 Paradigms of Science®™

empirical: observe, then derive

 empirical: observe, then derive

* predictive: derive, then observe

predictive: derive, then observe

computational: simulate

data-driven: measure

.

yrld 4—»[ A Y'I)dl|

Prediction

computational
model

Real world

Hypothesis
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Virtual Heritage
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 Virtual Heritage (VH) can be defined as “the use of computer-based interactive technologies to
record, preserve, or recreate artefacts, sites and actors of historic, artistic and cultural significance,
and to deliver the results openly to a global audience in such a way as to provide formative
educational experiences through electronic manipulations of time and space” [Stone, R.J. “Virtual
Heritage: “The willing suspension of disbelief for the moment...””; UNESCO World Heritage

Review; October, 1999; pp.18-27.]
A PERIODIC TABLE OF VISUALIZATION METHODS
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Theorizing Digital
Cultural Heritage

A Critical Discourse

edited by Fiona Cameron and Sarah Kenderdine

2. STARNUTIE OBYVATELSTVA SLOVENSKA

PredlZujica sa stredna dizka Zivota a zniZujuci sa podet Zivonarodenych deti su
dva sucasne sa uplatiiujuce demografické principy vo vacsine populdcii, ktoré
smeruju Kk procesu populaéného starnutia. Vyvoj vekovej Struktury obyvatelstva
Slovenska v rokoch 1950 — 2013 (graf €. 1) tento trend potvrdzuje.

Graf ¢. 1: Vekova pyramida obyvatel'stva SR (1950, 1980, 2013)

Muzi Zeny
e
£
5
14
:
-
Ed
>
o
H
3
>
J
-
F / \4’,
. 23
150 120 0,80 0.60 030 0.00 0.30 060 0.90 1.20 1.50
[ 1950 —— 1980 mEEm 2013 podiel (%)

Zdroj udajov: [14]



Virtual museum: VMC, Smithsonian 9/11

* Avirtual museum is a digital entity that draws on the characteristics of a museum, in order to
complement, enhance, or augment the museum experience through personalization, interactivity
and richness of content. Virtual museums can perform as the digital footprint of a physical
museum, or can act independently, while maintaining the authoritative status as bestowed by
the International Council of Museums (ICOM) in its definition of a museum. In tandem with the
ICOM mission of a physical museum, the virtual museum is also committed to public access; to
both the knowledge systems imbedded in the collections and the systematic, and coherent
organization of their display, as well as to their long-term preservation.

* Definition of a Virtual Museum by Forte in Qvortrup et al. - adding “telematic
collection of multimedia...” // DECLARATIVE

* Things, people, environments * Visualization, activising, hermeneutic sites // 9
project options

e Real time — one past, virtual time — 2 pasts (author, user)


https://en.wikipedia.org/wiki/International_Council_of_Museums

Prehlad narodnych projektov

Zabkova, S. 2013. Digitalizacia kultdrneho dedi&stva.
Projekt: Digitdlne mizeum
https://www.muzeologia.sk/index_htm_files/
MuzeologiakD_1_2013_Zabkova.pdf

Digitilna kniZinica a digitilny archiv Slovenska nirodnd kniZnica 49 572 033, 60
Digt gal Slovenska nirodna galéria 15 457 026, 36
= Muzeum sSlovenskeho narodneho
Digitilne miizenm povstania o7 576 538, 32
Digitalny pamiatkovy fond Pamiatkovy firad SR 10 273 680, 00
Digitilna andiovizia Slovensky filmovy dstav 24 089 940, 37
Centrilna aplikaéni infrastrukiira - . .
a . . Nirodné osvetové centrum 23 072 112, 16
e e Univerziind kniZnica Bratislava 33 184 470, 48
Harmonizicia informaénych - . .
fmov Nirodné osvetové centrum 7 001 410,40
Dokumentaéno-informadéné . e
cent rémske;j kultd Stitna vedecks kniZnica Prefov 1913 406,46
Digitalizicia kulttirneho dediéstva
rezortn¥ych a mimorezortnych Miized, galérie, vedecké, 20 222 246
pamiifovich a fondov§ch intiticii akademické institiicie 34
(dopvtovo orientovana vyzva)

Specifické ciele digitalizacie

Digitalizacia kultirneho dedic¢stva znamena pre Slovenskn republiku jedinecna
a historickn prilezitost na sprostredkovanie jej kultirneho bohatstva pre budice
generacie. Ciel'om digitalizacie je zaroven zjednodusit a zefektivnit pristup ku kul-
tirnym objektom a sprostredkovat ich laickej a odbornej verejnosti. Napriek tomu,
ze ma dost neprajnikov (aj v radoch pracovnikov kultiry, mizei atd’.), nie je neja-

41

S. Zabkovid - Digitalizieia kultirneho dediéstva. Projekt: Digitilne mizeum

Konkrétne ciele projektu

a) Zabezpe¢it vizualizaciu najvyznamnej-
gich hmotnych a nehmotnych dokladov
vyvoja prirody a spolocnosti na ziklade
obsahového ramea a v zmysle lokalneho
a ¢asového harmonogramu

b) Podporit jednoznaént identifikiciu di-
gitdlnych objektov, ich bezpeéné ulozenie
a integraciu s vedomostnym systémom

¢) Spracovat digitalne objekty do podoby
vizualnych zastupcov hmotnych dokladov
a vytvorit tak podmienky na ich plnohod-
notné on-line vyuzitie v oblasti vedy, prezentacie a reprezentacie kultary

d) Zdokonal'ovat technologie a metody digitilnej vizualizdcie kulttirnych objektov
a uplatiovat ich v prebiehajacich procesoch vedomostného zhodnocovania muzej-
nych zbierok a uplatiiovania v oblasti vychovy verejnosti a prezentacie krajiny

e) Umoznif rychly a selektivny pristup ku kultirnym objektom prostrednictvom ich
vizualnych zastupcov za uéelom:

- spravy a kontroly kultirneho dediéstva

- d’alsieho vedomostného zhodnocovania zbierok pamitovych a fondovych institia-
cii

- vyuzitia kulttirneho dediéstva na vzdelavacie a vychovné tcely

- uplatnenia kultiirneho dediéstva v oblasti prezentacie, reprezenticie a propagicie
kultiary

- vyuzitia vizualnych zastupcov kultirnych objektov v kultiirnom priemysle

f) pokracovat vo vizualizacii kultirneho dedi¢stva — digitaliziciu ostatnych zbierok
a dokumentov vztahujacich sa k vizualizovanym objektom

g) zabezpedit trvalé uchovanie digitalnych objektov

Digitaliza¢né centrum v Banskej Bystrici



@ slovakiana.sk

Slovakiana

15082 + 58000000 =

* SK/EU =15082/58 mil. = 2,600344827586207e-4 o

Rocné obdobie
vo vytvarnom umeni

¢ Slovnik pojmov ~ CIDOC CRM

. https://www.slovakiana.sk/slovnik-pojmov

Slovakia’s culture showcased in
Europeana Collections

Vystavy

Oznamy

KULTURNE OBJEKTY ~ VIRTUALNE VYSTAVY KATEGORIE VIRTUALNAEXKURZIA eee

2 % Ga 00O

PRIHLASENIE/REGISTRACIA

Zena

Vo vytvarnom umeni

Zbierky

Clanky

Kraslice | Z lasky venované Druhy motylfov na Slovensku a v

okolitych krajinach

Europeana Collections features over S8 Cultural heritage institutions
million abjects of which 15,082 are
provided by Slovakian institutions. 4 cultural heritage institutions in
Slovakia contribute collections to
Europeana. The largest partners are

listed in the following table.

Aggregation

All abjects aggregated by Slovakia can be
found here?. The main point of contact
for Slovakia is Slovakiana.

23.3.2022 Archiv 7.3.2022 Archiv

Zeny a dievéata pripravovali kraslice pre
svojich napadnikov. Na vajicko pre vyvolenych
zvykli napisat ver3ik, alebo venovanie — preto ich
na vychodnom Slovensku nazyvali aj pisanky
Zdobili ich maFovanim, vy$krabavanim, alebo
batikovanim.

Velka noc sa blizi, indpirujte sa kraslicami zo
zbierok SUUKu a SNM a vytvorte malé
prekvapenie milovanym aj vy.

Motyle st velmi uZitoény a atraktivny hmyz
Vacsina ma charakteristicky ciciak, ktorym
prifimajd potravu - nektdr, ale aj iné rastlinné
Stavy. Larvy motylov sa nazyvaju hiisenice. Hoci
patria motyle medzi hmyz, nevyvolavajii v nas
tak neprijemné pocity, ako napriklad chrobdky ¢i
pavuky. Ide o vefmi charakteristicky druh hmyzu.
Ak ste mali obcas pocit, Ze motyla v nasich
konéinéch uZ ani nezahliadnete, pravda je taka,

Zeichje ... (vac)
(viac)

ARCHIV KOLEKCIi RSS SLOVNIK POJMOV

ARCHIV OZNAMOV CENTRUM PRE AUTORSKE PRAVA  SYNDIKOVANY OBSAH

ARCHIV ZBIEROK ZOZNAM INSTITUCH ZOZNAM TAGOV

Kontakt Pomoc - i asenie o pri: i obsahu

SLOVAKIA ‘
AND EUROPEANA §

fondu

© Projekt je y zp rozvoja

Co sa tu ukryva | SNM - Mizeum
ukrajinskej kultary vo Svidniku

Archiv

7.3.2022

NajstarSie narodnostné mizeum s
celoslovenskou posobnostou sa Specializuje
na dokumentaciu vyvoja UKkrajincov Zzijicich
na Slovensku.

SNM — Mizeum ukrajinskej kultury bolo zaloZzené
v roku 1956 a o osem rokov prestahované z
Pregova do Svidnika, v stvislosti s jeho
celodtatnou posobnostou v oblasti vyskumu
dokumentacie a vyuZitia pamiatok ukrajinskej
minority. Pozostava z 3 stalych expozicii, kde
si (viae)

PRISTUP K SCITACIM HARKOM
ZOZNAM OND

VYHLADAVANIE PODLA NID

SLOVENSKE) REPURLIKY

@ WMSTERSTYO KULTORY

TVORiN VIDGMOSTMG SPULOMNIST

Jar | Vynasanie Moreny

7.3.2022 Archiv

Striedanie roénych obdobi je prirodzenym javom,
ktory intenzivne ovplyviiuje Zivot fudi aj v
stic¢asnosti. Rofnici v minulosti vnimali
predovietkym dva striedajtice sa protipdly — zimu
a teplo (leto), no nevnimali ich ako zdkonitosti
prirody, ale ako vysledok pdsobenia
nadprirodzenych sil. Ako v mnohych inych
pripadoch, i v tomto sa domnievali, Ze
prevedenim vybranych ritudlov a Ukonov mézZu
proces prichodu jari a plodného obdobia

(viac)

PRIHLASENIE PRE ODBER NOVINIEK

VASA E-MAILOVA ADRESA PRIHLASIT

CPERAINY PROGRAN
WFRMATZACA SPOLOINOSY
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http://www.europeana.eu/sk

Similar initiatives: You@ GLAM

« Europeana is a virtual repository of artworks, literature, cultural objects, relics, and musical
recordings/writings from over 2000 European institutions

» The Prado launched a virtual collection, in collaboration with Google Earth, in January 2009. The
website contained photos of 14 Prado paintings, each with up to 14 gigapixels.

« The Virtual Museum of Canada is a virtual collection containing exhibits from thousand of Canadian
local, provincial and national museums.

M Dorucené (1520) - ferkoaf@grm X | & (4074) RoundCube Webmail s - X | @ Seminar | CESCG X | G sgd 2021 bratislova - Hiadat Go % | [ 12 kliéowjch principd | H-mat X W/

& enwikipedia.org/wiki/Wikipedia:GLAM

« Wikipedia GLAM ("galleries, libraries, archives, and museums' ™ .

.

zoological gardens) helps cultural institutions share their resou "))

=i

collaborative projects with experienced Wikipedia editors. Wi WikipediaiGLAM

From Wikipedia, the free encyclopedia

Home About Contribute Connect Bookshelf List of GLAM Prc
nnnnnnnn

Current svents

nnnnnnnnnnnn (/
About Wikipedia . '
Contact us

DDDDDD

The GLAM-Wiki initiative ("galleries, libraries, archives, and museums" with Wikipedia; also including botanic gardens and zoos)
helps cultural institutions share their resources with the world through collaborative projects with experienced Wikipedia editors.
Leam fo edit
uuuuuuu ity portal « See Wikimedia Outreach for GLAM outreach around the world
a

« See Commons for tips on uploading images for use in GLAM articles
eeeeeeeeee

Looking for contacts in your area? Looking to Looking for

DE ES = FI FR Learn how you can coniribute content and Find resources that you can use for your
N T WK NL oL expertise. project.

PT RO SE UK us

ind information on a more local level.


https://en.wikipedia.org/wiki/Europeana
https://en.wikipedia.org/wiki/Museo_del_Prado#The_Prado_in_Google_Earth
https://en.wikipedia.org/wiki/Virtual_Museum_of_Canada
https://en.wikipedia.org/wiki/Wikipedia:GLAM

% Emotlonal and Cognitive Overload

EMOTIONAL
AND COGNITIVE The Dark Side of Information Technology

E ( :O O | | u ti O n O S.t OVERLOAD By Anne-Francoise Rutkowski, Carol Saunders
RSN TP OMA el AR EACAEEE Copyright Year 2019
V4 |: V4 |:
it - Paperback Hardback eBook
£29.59 £96.00 £29.59

ISBN 9781138053359
Published September 7, 2018 by Routledge
Enlarge 178 Pages 5 B/W lllustrations

* Information pollutlon JENETAL, oot e g ettt ey s e

malil, instant messaging (IM) and social media. The term acquired particular relevance in
2003 when web usability expert Jakob Nielsen published articles discussing the topic.

 Post truth
 False flag operations
 INTERESTINGNESS ~ authenticity, originality, creativity

* Emotional and cognitive overload



https://en.wikipedia.org/wiki/E-mail
https://en.wikipedia.org/wiki/Instant_messaging
https://en.wikipedia.org/wiki/Social_media
https://en.wikipedia.org/wiki/Jakob_Nielsen_(usability_consultant)

Technologies 1. ibr

* Image-based rendering:

* Object panorama
https://demo.scientica.sk/Objektove panoramy 3Dmodely/Objetkove panoramy/Spec7 html/index.html

e Jan Jurkovic, 2021. Objektova panorama kroja https://www.youtube.com/watch?v=xrxxlcw 628

e Street View
e Autostitch

http://matthewalunbrown.com/autostitch/autostitch.html

Mlynska®dolina Mlynska dolina

X Mlynskaldolina

Mlynskardolina

AutoStitch: a new dimensic

Grunty,

Starée!Grunty,

Mlynska dolina



https://demo.scientica.sk/Objektove_panoramy_3Dmodely/Objetkove_panoramy/Spec7_html/index.html
https://www.youtube.com/watch?v=xrxx1cw_628

Take home message

* I[dea, model, data >> picture (structured, synthetic), objects
* 5 planes JIG, 4 blocks of CG functions, 4 data states ~ 3 workflows

Metaphors of Memory

e Sensor >> image (non-structured, natural), views
* Object panorama, Street View, panorama ~ 3 technologies

* World ¥~ museum (people, things, places)

* Metaphors of memory: sandbox, waxtable... museum




Visual Data Science @ CU

ACM CC, Skiena, Moller... Datova veda@matfyz... vdak



